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Abstract:
The study aims to investigate ways to enhance the utility of artificial intelligence,
natural language processing, and sentiment analysis tools in understanding readers’
preferences and analyzing their behavior and opinions towards information sources

and services. This is achieved through constructing and designing a workflow based
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on artificial intelligence techniques using Orange Data Mining to analyze reader
reviews of books. The study adopted a descriptive-analytical approach and
conducted an empirical study on reader reviews of library and information science
books on LibraryThing, totaling 1654 reviews. Orange Data Mining, integrated with
the popular Python programming language and supporting libraries such as NumPy
and NLTK, was used along with algorithms including Vader, TF-IDF, and LDA. The
study revealed several findings, notably that the book "Information Representation
and Retrieval in the Digital Age" ranked first in positive sentiment with a compound
score of 0.6114. Positive sentiments predominated in reader reviews, totaling 1283
positive reviews compared to approximately 202 negative reviews. Additionally, the
study demonstrated that the Plutchik model is more accurate in classifying reader
reviews based on emotions compared to the Ekman model. The study
recommended thatlibraries and information institutions expand their investmentin
natural language processing technologies to address various issues and meet the
needs and expectations of their users. Furthermore, researchers recommended
conducting more collaborative future studies with artificial intelligence experts to
develop suitable algorithms and build machine learning models that contribute to
enhancing user experience in libraries and information institutions.
Keywords: Natural Language Processing (NLP), Sentiment Analysis, Book Reviews,
Orange Data Mining, LibraryThing
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.(Porter,2006) »V4V4 ale Martin Porter 43 (1o La ysghas

Porter Stemmer (o diums dsud dwislsxll sda dad :Snowball Stemmer  ®
Ul e ayaall qe sy

«(NLP) Zacdall 25l dxtlas olgol ‘mi oo dda>lg :WordNet Lemmatizer ™
Slaally Jlasily clowdl (raan Aplai) Al 548 duemas lily Sueld auxiud
Jrall gally Gled) meal pusiad S 2udpall clislll g cilegame § JIso¥s
.(Miller,1995) = LIS

e datady cduadall Gl Axdlal AelSis 9ol e 3)lie :Lemmagen g (UDPipe ™
LU e wgaall eeusy (gl liled) andasd (yue 7 3l

Filtering audaill £/Y/1/A

Bains o Labatiey iyt Al Allall Tlee 3 Aloya 3T Bl Aulec s
Y1 Jedidy (eladl Julmd) Bulee § L 2a L ¥ 301 5,015 Lo

:Stopwords adgill ol

s Txt cals Juaxs @3 LS (and’, ‘o', 'in, et al...) Jis paidl (po cadeil lalS 3] @3
2850 50 Lz 03 31 Slan L 3L 03y o ¥ 2all) 3 CaBoill LelS cyo Aail
i Lo Laslail @3 (&) Cadgnll ololS alial (a9 . &ulle A8, LibraryThing

l, me, my, myself, we, our, ours, ourselves, you, you're, you've, you'll, you'd, your,
yours, yourself, yourselves, he, him, his, himself, she, she's, her, hers, herself, it,

it's, its, itself, they, them, their, theirs, themselves, what, which, who, whom, dIl.

oo gat LdiS o5y 5Ll | (183 w39 Regular Expression ;Lazs| 2 Regexp ™
A @8l Sledleg 390l cpe Ayl B el a1 cilasl e
\LEENNNNINHT - ZF =N N —Nsl&\* | @1 % 1< VININI [ 2]
3|4/5|6| 7/8/|9|10
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i
el padl Slasyd ye Lad) ks Y/A
Jul=ty mosd Wy« poguaidl Julmi Slislgs (0 wuaall Orange data mining ,3s.
S ULl Aegame Julnt 3 Slaaiylsill ol Caidsgny Eomll aldy ¢ pogiaill SeLall
psle i€ Jg> LibraryThing (e Laes @3 &1 chall Glazle I oo Laslae| @
Slaglally ol
:Vader dwylg V/Y/A
S Jgo elyall el ¥ eladl Jlmiy Canimt oy Vader dw)ylys e Eo Ll aasel
ouiloma ol Aulig (Anlm] ¢ peldn LesS tum (0 Slaglally ol
Jels=s gl o Valence Aware Dictionary and Sentiment Reasoner (VADER) uaig
e Lpe ol qip @ eliell Gapas Lapoas @3 @y caelsall e alall yeladl
Deo et) olsyall ope die degama e idudy « Flox¥l holoddl Jilugy ccngll adlga
e’ K ggame JUs (0 (Compound Score) S, a3l Glus w9 .(al, 2020
2 ALkl S35 g (3 slmsl) 1 5 (r @) V- oo Lasdas o cusolal
:(Molenaar et al.,2024)

X
Compound = —

LS bLas pgamme = X

N0 diagdy capdaidl Jolan = 9

& »eladl gorud 2l axyiidl e a2y Compound Score Syt sl of elld anig
5) o0 Al @l one G luz Bl seldie ) A4S M (g0 ] Bl Ll < (il
g Bulme yeldo e a3 (4) oo Lndll eudll Lol dus 3edu yeldn J) 443 ()
Slulall @ caulie Oiles Bd=d (10) Al sy () pedasll Jalas alaseiul
.(Noviana,2021)

SentiArt « Liu Hu (s 5,51 =liejylss ae Orange data mining 33155 o @19
Bt ¢lldg Ayl s LL) Ae gzl eud¥l uad Vader o1 ¥ (LilaH sentiment
claalarlly clasyaall (e 8padll Gogsaidl Juledd Garms daams @ 4l tlao wloa
LeS 09ty @ NLTK 28 a abolSS oy Yiad c slaxa¥l Juolgall plgns wliats e
009 ssall 7oide 7z 3gas 4 LS dpapdall 2ol Axdlan § Ac judly AL Vader ey

YoYE gaST Yo Ve 626 Sloglall pglat & puall Al



wtlydll ¥ yeladl Julas § (NLP) pagdall 2alll allas lids cagbss  deme denl .

bt 4l e Siad ks 45:laS 9 Bl coiiadly ushaall 7lis o
e bls i LS § cnessmiadl Jid o Lol @ (1 ! 390,11
5l s Ll 5 1885 els Sl lan L el Jubns b5 he Jysmnly
Slaz e pogiat Jodin o laelid] @3 G Sbledl de gazms (0 Textreviews s o li!
Select 315¥ aluziwly cLibraryThing 3 cleglally olaSll agle oS Joo o150l ¢lylg
Widget J (Lo slaze¥lg Lol 1,85 LS 2pnidl Adlall Sllee udas @39 «Columns
deislg> 399 o|yall Slanll eldd) Jd=s 1] @5 (Sentiment Analysis 5 Lol
I e s hyall yeldn caiiiat misgs Gy c0gly @ NLTK 4aSh e dezad (19 Vader
Gy Bslzmag cdudlug cdplm] Jf Library Thing s cileglally LSl caS (e @@ladas
(V) JW JSLaIL zus 90 LS Data Table BY M5 e Jumde S0 Liwn e o

[ Data Table (1) - Orange - O X
File Edit View Window Help
I“h_ textreviews positive negative neutral compound A
iﬁ:altrlsr:;nces (no missing data) 1 UU . ﬁmshe - 0.075 0 0.925 0.85
No target variable. 2 great informati... 0.506 0 0.494 0.6249
1 metaatrute 3 Comprehensive... 0.215 0 0.785 0.6368
Rk 4 Hesalotoftec. 0 0 1 0
Show variable labels (if present) 5 Aninteresting .. 0213 0 0787 04019
Visualize numeric values 6 Clearly explains... 0.565 0 0435 0.6705
Color by instance dasses 7 Thisis good bo.. 0.263 0 0.737 0.6908
. 8 Heavy, tedious ... 0.16 0.073 0.767 0.5913
Select full rows 9 Informative, but.. 0133 0 0867 05927
10 Well organized ... 0.066 0 0934 0.7615
1 |t was difficult .. 0.188 0.025 0.787 0.9209
12 Similarto Taylo... 0 0.065 0935 02575
13 This is a require... 0.074 0.071 0854 0.0426
14 Good Text clea.. 0.737 0 0.263 08126
15 Abook|readf. 0.142 0.051 0.807 0.6077
16 While | certainl... 0.143 0.048 0.808 0.6336
17 not exactly ligh... 0.161 0 0839 0.5927
18 Inthe process o.. 0.254 0 0.746 0.5267
19 Classic texthook. 0 0 1 0
20 Thisisabook t.. 0.073 0.017 091 0.6436
Restore Original Order 2 nice book, very .. 0.494 0 0.506 0.5965
Send Automatically 2 I:braiy d‘ataA 2 2 1 2 v
(= 2 B | 654 [ 165411654

SLSU psle oS Jgo elydll Slazll elidl Jabes il e plada (1) JS4

.QLaj.Lilb
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e
oo e ladl delses il Lol @leliasYl (o ye @ feature Statistics 815%1 M5 (a9

QU AL o ge LeS Bapaall Lol By LasSTy Aaid saialy cmdadlly

3 Feature Statistics (1) - Orange E— %
File View Window Help
Name Distribution Mean Mode Median Dispersion Min_ Max. Missing
0 positive I 0.154196 0.00 01285 0887544 0.00 1 0(0%)
@ negative 0042688 000 0021 168568 000 1 000%)
-
0 reutral 0803129 1 08215 0.180476 0.00 1 0%
@ compound 051157 0.00 07003 038412 -09924 09397 0%
—_—m
color: | @ compound (=
=7 B | 31654 516544

feature Statistics 515¥1 M5 (o yeLad! Jeloes Bl aolasyl obibed! (V) JS&
laglally lasll agle caS oo oAl Al laz L1 Y/Y/A

Ll pgle (iS Joo e hall wlan bl eladl Jloes mili ¢ 3l 1da 3 bl ming,
Oodie el (V) Jgadl i Auslms) ASYI jelitald B89 LibraryThing 5 olaslally
EWIEWRN

s Slaslally SLSI agle S s slpil Aulnyl Azl onyde el (1) Jsur
LibraryThing

textreviews | positive | negative | neutral | compound

Excellent!

Breathtaking.

Brilliant

Fun

Excellent

Great resource.

great book

Excellent book!

Excellent book.

o|lo|loc|o|lo|o|o|o|Oo| @

good reader
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Good starter

helpful. good practical examples

A true love letter to libraries. Great

writing!

Good Text, clear explanations.

Actually helpful.

Just wonderful and serendipitous. A joy!

Great book easy to read!

Excellent book. Lots of inspiration.

Cool book. Libraries are neat.

Recommended.

Definite;y a niche interest. Still,

fascinating.

Al a5l 79,5 LS gsbadl Jaaedl bl 81,3 IS (30
aall § (1) Az e clias Anlall jelaalllady AV cpdall ezl o @
349 <l3g ccompound Jelall 3 (V) (e uds cilays cdxw Lel 23LsYL cnegative
L5 L 8ysSall dslall

Sl (V) 220 e lias (dadd cilanlye (ues dzgy 4 Joumll M5 (0 oy @
( Fun. Brilliant. Breathtaking.Excellent) ¢Lge 8pall SldSIl ciplag Anlzy] 4oy
s o 5 oy IS 4 el 3501 IO (n Falytll s il Ayl g3
JU Jotl Ly i€ D s Al 513

o sl e Liral) s el e 1 laglally LSl ke S (F) Jsetm
LibraryThing a8 4. <1,41!

Result

book title Text reviews
Positive | compound

Information Representation and Retrieval
Excellent
in the Digital Age

The Information: A History, a Theory, a
Breathtaking.
Flood

The Information: A History, a Theory, a
Brilliant
Flood

The Library Book Fun

The Library Book Excellent
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ileglally olasll agle ciaS Jgo ol 2ol olan U1 ¥/Y/A

Slaglally Slasll psle S o> o [,all mlan L yelad) Jalos il (£) doud) minse
compound ,ége o Jodzd! (e ety LSy Al ASYI jeliall a4y LibraryThing .
Adladl dy il solan ]yl

2 Sloghally SlaSll agle caS Joo epall i danlye cnpdie el (€) Joaz
LibraryThing

I T T
0 1 0

boring
BORING 1 0

Boring. 1 0

horrible index

not as thrilling as one would suspect

categorization,  classification, order,

chaos, Web

Profoundly moving, often depressing.

Didn't like the book..

Sorry. Against the grain, | didn't enjoy this
one. It's possibly Orlean's harsh, dry

reading.

Duller than dirt, but useful.

history; sort of, of libraries and library

science, many sad tales of books lost

nonfiction, history, Los Angeles, true

crime, ebook, library

nonfiction, history, Los Angeles, true

crime, ebook, library

Snobby but useful

ReadinglsResistance to ignoring the rest
of the world's issues THE BAD-ASS
LIBRARIANS OF TIMBUKTU  yabscspl

Ignorance imposed from above is a global

problem. Resist with all your might! Read

read read!
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R
This book is conceptually well-written,
but suffers from a frequent, jarring misuse
of English syntax and idiom, resulting in,
at worst, confusion and, at best, an
interruption in the flow of reading. I hold
the editor/publisher responsible for this,

not the author.

Kind of mind blowing. | loved when he
attacked the alphabet, but don't agree
with him that Oscar's messy tags won't

necessarily affect Felix.

The Los Angeles Public Library suffered a
horrible fire on the same day as the
Chernobyl disaster, which is one of the
reasons that | had never heard about this
event. More than 1,000,000 volumes were

damaged or destroyed. The author

speculates about the cause of the fire,

discusses the history of this library and the
ways in which libraries have evolved over
the centuries. Interesting and

informative.

Great book on a difficult subject

Got bored with it. Never finished it.
Cum (1) Apbao Bays el e clias o) A dagy 461 (0) Joamll IMS (oo g

&u> «(boring — BORING - Boring) ¢ Jll (&l boring delS il |1 clls ceyas
) yelall (uSas @0 Sl aal (e Vader apylss § cisimill qal ladg da
Lalize S A (ass M Al Slazl sda of ns Sblad! e gazd go2,Ilg
: Q1 Jgadl s
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] adud! e lineld doys el cdew @Jl Slaglally olasd ‘a}l.s S (0) Jgi
LibraryThing a9 ¢l ,all

Result

book title Textreviews

Negative compound

Library: An Unquiet History boring

The  Social Life  of
BORING
Information

Indexing and Abstracting in
Boring.

Theory and Practice
3331 Oslll (Say > Alad ! el ) Aol e lad) 2 JUI S misgng
3 -oleslally mlLaSll pgle S Jgo LibraryThing 3 4nleydl o6l laudais Slazl e
oo JBT LT ISl 35 e s @l Audadl shyall Slan e yesdl ol (uSay

Al eladl
1
=== positive
= negative
0.8
0.6
0.4
0.2
I'YIN
0

0 200 400 600 800 1000 1200 1400 1600

& laglally SLaSll oS Jao dusbadly Aalmdl shall Slanlye A (A) JS2
.LibraryThing
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Silaglally olasdl agle caS Jgo ol,al0 Buslell lax LI Y/ Y/A
Lazlye (Y4) el (1) Jgi s LaS Bugle sl e,all o1 ¥y clan )Ll (o Sliag
i Y e ¥ s ol LasM LS cneutral 254l (V) 2 e clins Ei> Byl ¢ yall
() omild S0 52510 ol Jlg o (+) Eomped) L3 10 el 5 Al oLl
Classic textbook. library ) ¢as¥| &lylally @l § clam |yl o131 el Jioxsg L

oSy ¥ Jasallg (for library science students .for information For students .data
Vader pzas 339 Larias @3 140 &l ol (Aol LpsS wladatll clls yeldn qus
Solee yelid
s Slaslally GLSI agle S s sal Suylme Azl ooyde el (V) Jsur
LibraryThing

text reviews positive | negative | neutral | compound

Has a lot of technical data and sometimes

requires reading and re-reading passages.

Classic textbook.

library data

For students

for information

for library science students

It covers the practice of librarianship,the
place of librarianship in information

structure,and more.

A bit dry, but what do you expect from a
textbook! | found some of the material
outdated, but it provided a decent
foundation and prompted a lot of class

discussion.

Kind of wordy and unnecessarily
redundant. Could've used some more

editing. Very informative though.

| remembered that | have borrowed this
book from CU library and I had read the

whole book.

A handy guide for cataloging.
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| don't know - we'll see at the end of the

semester exam.

A must-read for every librarian!

For librarians and their fans, a must read!

"I was under the librarians' protection.
Civil servants and servants of civility, they

had my back." pg.252

for course related to learn something new

about the field

Standards management concepts applied

to libraries and information centers

I cannot say enough about how well-
written and informative Mann's text is. |
don't know how I got through high school,
much less college and a required senior
thesis, without this book (except that it

hadn't been published yet).

Written more as a guide for students

needing to learn how to use a library rather
than for librarians. However, it needs to be

updated to be of use.

Practical book gives an overview of how to
do research in a library. It can make a

reference librarian out of anyone.
Compound Score J Lidg ¢ yall colaslyag el ¥ yoLid! Jloes Bl ¢/Y/A
SLSU aple S Jyo bl lanlas ¥ elAll Jubos @5 cati sla] 3
Gsiad Ll il (e pay sl Compound Score Sl S50l iy laglally
10,83 Goleedl ! st Tadg (aidl § 55Ladl yelidl
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i
d poun

11

0.6 742

— compound: 0.859

0.4

0.2 ‘

o |
0.2 |

: |
o 200 400 600 800 1000 1200 1400 1600

-0.4

-0.6

-0.8

Slaglally SLaSL psle S Jyor slyill clazlpag ol e LAkl Jebas gl (4) S5
Compound Score S,L| y& 5ol (Gdy

Sl e yall claz e @ Busladl (2 Anlad) eladl oF (V) JSad! M5 e it
LN, 7) o Loy ] By (VIAY) il 15 (14 ¢ ) 0t Lo Ll ol g
RIET LRI JUETCIS R PPSE-J FEVRDR NP RPN THORSE
(7)) By Bagls A lps (119) Buls Lol Liaalins @3 @ wlaz LAl soe 3y (71 Y)
shall Slar e Jlezl o0

80.00%
70.00%
60.00%
50.00%
40.00%
30.00%
20.00%

0.00%

positive negative neutral

m Series 1 77.60% 12.20% 10.20%

Slaglalls SLaSLl agle st sl yall cilas L yelall cagiias cous (V) JS&
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:Heatmap 4,/ ,=J| El;ﬁ?;l.&uh,:l.ﬁﬂ Jub=s il (o ye 0/Y/A

Ol e slare¥ly 2uady il pite rasats (I ULl Jetes § Wlad 3151 Heatmap ual
S bl ey e Alads S Gy detny Adlis olsll Adsiima § aill las Cu
Guo et) yosdt 2usLudl ¢yl 3¥1 1) Bl o161 cpe 0ol zpun!d lidia gy Ll
(al,2020

«Data Sampler 315¥1 M5 cpo oSOl ilanlyo Jlez] o (1) +) e iy C> Ll a8
(V) UGl e ge LeS Heatmap Laslys aluseialy (e Llitad!

Color ~
- Blue-Green-Yellow -0.94915 }
Range: l I _ E
g
™ Data Sample... ? o 2 § £ g
g ¥ g s
File View Window Help T
Sampling Type 30
(@) Fixed proportion of data:
' 10% Mstering ~
() Fixed sample size pe ~
[] sample with replacement one) | | -
—_—
() Cross validation lone) w
Number of subsats: & Legends

Unused subset: nd

(O Bootstrap th averages

Options tions

Replicable {deterministic) sampling :l
9 ~

[] stratify sample (when possible)

e) v

| Sample Data |

iotations

=97 B | Hes B oes| |

<

) mﬁm%%f;L

Send Automatically

=9 B 3166 [3 251166

Azys (P9 Buecl a3 Jter yelall Julas cilayies o (V) ISl IS (0 ol
>y @8y 3 Aaslud) byl pezs 3850 Ayag Builelly Andudly dnlmy¥ eladl
shall Slazle (Lae¥l Oslll) sl LS @l Jiady Busladl jeladl e paiy
Slaz e (3391 09l1) Adladl @uall Jies Loy claglally culaSll pgle Casd A lnsy
(eas¥ 03 l1) Buloel) @l S5 Loy laslally oSl asle i) Al el a1

Slaglally olasll agle (€ Joo Busloell call ilaz |ty
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T
D S «JEL e e 3531 0300 230l U il Gl o 3l s iy
JIM5 oy LibraryThing adges ciloglally ol agle st Aedudl e)yall ollg lazl o
JW L LS adludl Compound Score deyd LasHli @3 (w9 «Corpus Viewer Y

|l Corpus Viewer (1) - Orange - O x
File Edit  View Window Help

RegExp Filter: |

1 The Bad-Ass Librarians of ... | textreviews: |wisn | could have given this book a higher * rating, but the title is very misieading

Although it does tell the tale of Abdel Kader Haidara, who collected thousands of books, centuries old,
2 The Library Book (38) to keep them safe from Al Qaeda

However & large portion of the book covers ihe the war in Mali and the desiruction by the exiremists.
3 The Library Book (105) The book staris out explaining how Abdel was chosen from his siblings, by his father, to protect the

ancient books and texts that the family owned. The history was fascinating. But then the mid-section
o of the book is all about the war. Explenation of of the conflict was definitely necessary to the story, but
4 The Bad-Ass Librarians of ... it actually took over and from that point on it became too much

compound:  -0.8068

5 The Death of Expertise: Th...

textreviews: | found it a rather fragmented story.
5 P i The author doesn't seem 1o be able 1o process the compulsive lying of Harry Peak and the marginal
- e A e RIS nature of his family. The whole Death of a Salesman nature of Peak_his desperation and inability to
dwell in reality seéms to bafe the author
7 Double Fold: Libraries and... R .
As the story of a modern library it is ok
compound: -08834

8 Library: An Unquiet Histor...
textreviews: The Library Book, which is a well written read, is about the 1986 fire of the Los Angeles Central

Foos Library. | certainly appreciale the tragedy of a poorly planned building succumbing to prolenged
¢ Wi D= @ [EEEmEE Ui, periods of neglect despite the emotional connection some denizens of the cily apparenily had but this
story is not an ode to books or libraries but a log of egotistical mismanagement that resuited in the
10 The Library Book (77) fragic events
compound: -08348

11 Double Fold: Libraries and... textreviews: | definitely bought this book because of its title. Yes, | was once a librarian, and though | didn't start out
to be mean and nasty, | quickly was fed up with students who dicn't read and with patrons who didn't
: return their books on time. But | would never, not in a million years, have tried to smuggle priceless
12 Llibrary and Information ... manuscnpts under the noses of Jinadists and A-Qaeda terrorists
13 My geography is pretty poor. A downside to listening to an audible com book is there are no maps. |

Library: An Unquiet Histor... suspect that had | read a paper book, there would have been several ilustrations of the area. Even
s0. | am now much more fluent in land-locked African geography than | ever thought to be.

e R T ETE D = Throughout the second hali of the bock, however, | worried that religious Tanalics now know that these

treasures exist, and probably are located in the libraries of Timbukiu. Hammer rather leaves the

This Book is Overdue!: Ho.. reader in suspense.

The narration was ably handled by Bochmer. His accents (French, English, African languages) rang

1

w

1

a

Organizing Knowledge
compound: -0.8001

I oo wlaglally wlasd ?5.\.: ST At o a0 ;«bb Olanlpe g (VY) US4
.Corpus Viewer 35|

ln I e Eoldl salucl a3 il Workflow Jee s (VF) A misgu9
Slarl jelad) Jd=s § 4L [ PRERPYS| plaziwly (Orange Data Mining
LibraryThing adses leglally olasll agle s el,all 615l

Data oatasample +Duta [
(? =5
Select Columns Data Sampler Heat Map Corpus Viewer (1)

@ Corpus — Data m Data — Corpus, # Corpus "

Corpus Select Columns (2) Preprocess Text  Sentiment Analysis g,
%

e

=

B

Data Table (1)

pole s ¢ pall Slas e ldd!) Juloes § auseiwd | Workflow Jus paw (1Y) US4
laglally olasit
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S
(Orange Data Mining aluseiwly Sl slue ()

Profile of Mood States d|3l| Uledl wldl LEdg ol a)l Slaslpe Juds Y/A

Profile of Mood States

4Bl Wl wlide e aatad &1y Tweet Profiler 3157 Orange Data Mining i

o 3151 Zyltey way gl Profile of Mood States Profile of Mood States (POMS)

Jul=i (a4 212V ale (3 (McNair, Droppleman, and Lorr) (s S Layghas 03 2uds

Aable [ 35801 jeai pSaT Gl Slasall (e degazms SN (0 35801 g 7 3L1g e LAl

.(Duong,2023)

z3ges f(Rg Aablall Julo=s (o Aalises 73l &M eeus Tweet Profiler ol S i

39 «(Plutchik) cliddsly o9y 7 35039 «(Ekman) oleS] dwladl Cabolgall (LS s
ple (S cablgall @uuat! (POMS)

¢(Al Assyam & Hasan,2023) culaas (e ¢l ygaidly cablgal (s ddac @iy

Maizen 10519 gads Jzxun Eo (Multi-class classification) cliall sasie cagivas @
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455 cablse 4uled (o Aegame e cabolgall Lyshazll &ewadll Plutchik &ylas dazas
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Plutchik .Ekman z 3¢5 (s calolgall Juloms ilis 45yl (V) g

Text Reviews compound | Ekman's | Plutchik's

A good introductory book on web
Surprise Plutchik's
search

A handy guide for cataloging. Joy Plutchik’s

Boolean Sadness Plutchik's

Boring. Not the book | expected it to
be. Could not get through the first Surprise | Surprise

chapter.

Brilliant Joy Trust Ekman's

Duller than dirt, but useful. Sadness | Trust Plutchik's

Excellent book! Joy Trust Plutchik's

Fascinating little book. I wish it were
Sadness | Anticipation | Plutchik's
longer/more detailed.

Good resource to help librarians
understand mashups and to use itin Plutchik’s

their libraries

Good, kind of inspiring, kind of
kooky, kind of sad

Fear Fear

Got bored with it. Never finished it. Joy Sadness Plutchik's

Great for ref services! Joy Trust Plutchik's

How could I not read this---it's about
Surprise | Disgust Ekman's
how libraries saved this guys life!

i liked this book. Surprise | Trust Plutchik’s

I really enjoyed this book. Surprise | Joy Plutchik's

Indispensable Fear Joy Plutchik's

Loved it enough to read a second
Joy Trust Ekman's
time!

Loved the pictures and the history of
not just the library of congress but
Sadness Plutchik’s
all card catalogs and in many ways

libraries themselves.

Made me want to become a
Surprise | Surprise

librarian!
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Standards management concepts
applied to libraries and information Plutchik’s

centers

Super subject for book
Surprise Plutchik’s
focus...library

This is great....| want a copy of m
8 P Y Sadness | Joy Plutchik's
own!

Too long, but has useful advice. Sadness | Trust Plutchik’s

Very helpful for basic database

o o
design. Joy Joy

Very technical book, but easy to

Plutchik's
understand
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Ekman 73445 3 Lee measdl @3 Anticipation <8,lg Trust a3l &8 (0 S 3 Plutchik
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oLl et g (e 891 ga 3 sy (Trust

Ekman z3ges L8 (e Ldulias @3 (Indispensable) jas Joses @Iy (AT)) Zax |, G
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Slazlie cagiias § 485 ASY ga daf Plutchik z3sai of oudy Galad! (o pall IS (a9
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N - =5 Data
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Machine) J¥| @ladl oloés o 20435 (2 (Topic Modelling) olegiagll 4odas
clesmsll BLAIST § Loe slexe¥l o3y &lg «(NLP) Zunsilall 2501 Znllasy (Learning
LSO o 3y el3g at ol idus Ae gaza 91 (o geaid] (p Ao gama J510 Lasel

(Tong & Zhang,2016) Zias o geni ke 1 Zwas |

G Bt cleginll BLATSTy cileginsll Aadaid el 1a § coldl Layag
LibraryThing s cLeslalls S LaSll asle (a8 Jya s pall o lye Lpoaass

Aol s|p2Y Laline cilie)ylss e 484, Orange Data Mining zeliys oof LSiL yax
Latent .Latent Semantic Indexing (LSI) ‘Topic Modelling 315¥1 JM5 0 olegingl
.Hierarchical Dirichlet Process (HDP) .Dirichlet Allocation (LDA)

o3 g Latent Dirichlet Allocation (LDA) 33,95 (e dulyudl sda § Ll dazely
JSGleg «(Andrew Ng) &3 95451 «(David Blei) b s o IS Aawl g Layiglatg Laglas)
ST Cieias Aty A8y9 OgimLll ¢¥ga audy Y. . Y ale 3 (Michael Jordan) ¢)lsye>
sleze¥) qhg cnilegingll Axias § Byt ASY Lad LS (Blei et al,2003) LDA 7 3ges
Ol ualil e LDA uasles pods Cam AVl @lai z3laig wloal o dyandl § Lole
Aplade olelSy il yms auserud (e lids cilegngo Jolils (Gl laidudly (o gint]
Jals claitadly pogaill 3 S 585 @l Sl clegame oo domdl M5 (ad
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Slegazll @ wlegmsll 4,lidy aisd mdy (leguasll Axdas @l Hgualy Jul=il
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Sleglally olasll agle casd ¢ yall Slaslpe § deuws Il SLaSII 0/A

aise 3 sLall Slazlis Laiaas G dpasy ]l ol 5yl (opaiad o5zl sda 3
oLl pusil Aol sda alesdy cloglally wlLasll agle S Jgo LibraryThing
‘Laeg Orange Data Mining zeliys Laydgs (&1 wlill clgo¥l (any

Loapdall Al Allae § Lole slexe¥) o2y 31 Aoiwd! Gylall g uad :Bag of Words
G S @lanll 2 3las 3 L] b o8y IS ) el 9 (o guaid] dsgxtd (NLP)
sia plasial @5 cllily (Topper,2023) dxdadly Julasll cillee 3 Leslainal oS
s Ayl s bl Acgama (3 syl Slanl ey Bolll (ogiaidl A 810Y)
Al oLl 7| s
wossaill e Ayl LSl 7 gl 3 815Y1 sda pukiud dus : Extract Keywords
0o Sy leaylgs Bae Extract Keywords 315¥1 x5y .Data Mining Orange zaliy (3
sia 3 &Ll aazely (TF-IDF, YAKE, Rake) ¢85 Zutydl Lol ¢ lpamal LIS
S5 Slus & Lads oo Sas egus ASYI Ll el TR-IDF duajyles e 2ulyull
NP JF EVONER [JEXN
: (TF-IDF) a3yl 95 1/0/A
dxllae wlass gas>| Term Frequency-Inverse Document Frequency (TF-IDF) uas
@ Lele uainiy alexdl § 2aliell SLalSI dieal @uuant ausiad G (NLP) 2o dall 25l
Ldel=ig el 3ely8 (de J¥I @laddl ziles Buclumy poguadll Caplas
Lcal oo iy las] cslad Bl 2eajylesll sda dad LS (Hamdaoui, 2024)
degaza d) Lwdlly ) loidud) (o Ae gazma ) Ly (il of idlad) 515 zllasall
pealis o wisl G (TF-IDF) 4iyl9s aezs LS (Kuncoro Iswanto,2015) (3Ll
iz (I Sluiiueld (quSall 51,y (Aipae A § Al Hoels 1SS (0 5s]l ol
(Trihanto et al.,2017) .41 e
.(Karabiber,2024) :45¥1 dalall I e (TF-IDF) dua)yles il
Q lhall Led play & ) sue 44 wuady :Term Frequency (TF) mllaall 5SS
Aaud) 8 Ll sue Sl 4ylae i)

Number of times term appears in the document

TF==
Total number of terms in the document
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Lt
Aaal ;23510 lia Luddsg Inverse Document Frequency (IDF) :quSall wiull 51,85

wossaill of luludl sae Jlez] daud I (0 . pogiaid! of oluilud) are § 2
lasall e apls & (oguaid! of clasiudl sae /2,01

Total number of the documents in the corpus )

IDF = Log (

number of the documents in the corpus contain the term
ADFoTF (o S @b cipis 30)b (e mllaia s I TF-IDF Glus> 0y
TF-IDF =TF x IDF
psle i€ oo el clazlhe pagiai g cdpRihl @I 2l Sl sae gl
cl3g danlye (V108) Jlez| oo 4lS (V1. . ¥) LibraryThing adges cileglally olasl
crrdiee el (A) Jousedl mingag Mean Lowsrall Ladg Leus )5 @i «TF-IDF a9l idg
sy Bl
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Sl g At I LS i g0 e LIS (0 (500 (1 19081 (aamy Ll 8L T LeS
0o Ly s LS (g duzes IS (0 l3g ceyall walazlyn oguai § Le gl
Jsaasld (Word list 5151 G ol ells (oye @y @3 (9 «Extract Keywords 81%1 S5
LS S pibga ol yatul w2 Semantic Viewer 31531 S35 a9 ccalizll of 2Lyl Lole

(1Y) JWt JSCad (8 st LS Lldonsg Lpllas @15 (&1 (o guaddl (3 Laduss o3

@ X
Filtering - &
Threshold: Match Score Docum This is a required textbook for a class. It is NOT an
1 0.337 The Organi exciting read. Sorry. It's not helped by the fact that
Display 0 0383 The Organi the subject matter is incredibly dry. | do the things
(@ Document . this book talks about for a living, and it's
~ 0 0.345 The Organi WAAAAAAAY more interesting to do than it is to
ction: 0 0.331 The Organi read about it. Just sayin'
Word List - Orange - [m] x "
] 0.194 The Organi
File View Window Help 0 0.212 The Organi
Ly — 1 0.550 The Organi
book (1] 0.343 The Organi
library 0 0.290 The Organi
information 1 0447 The Organi
+|[= | [Update More, :‘)z:;':s 1 0.250 The Organi
Input reading 1 0.352 The Organi
Word variable: librarians. 1 0.382 The Organi
Words ~ 0 0.437 The Organi
Update: 1 0.361 The Organi
(O Intersection 3 0.338 The Organi
@ Union 0 0.376 The Organi
O only input 0 0.310 The Organi ,
O 1gnore input + |- Sort >
B 1]1653] 1654
=?2B0|897Br

Word 314 plasiuly oSt Slaslp gogiai § eutiyll Sl (a,e (YY) S5
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Word Cloud &l 4lew 1/8

bl SlelSI 55 das g Ay 635 Jand (&l Word Cloud cledSO 2l _u_m;
S 2, ) LIS S5 e (YY) (K 3 Lol Bl gy «paid] 3 2ailall
«LibraryThing JM5- (e QLA).L:_LB LSl pgle oS mglanlie IS o sl Lol
LS5« smpanill & LS5 o e ol ellagan 5f 2alS U3 Bio 51591 sia Jand
36801 aieiidy Wbl § Lazeos Lo o3 LS« pagumill degama § AST Al il
485 ST Uy el Byl § Ll iterd JWI

print('Running Preprocessing ...")

tokens = [doc.split(' ') for doc in in_data.documents]
print(‘'Tokens:', tokens)

out_object =in_data

out_object.store_tokens(tokens)
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